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Expenses

USA China

SELECT sum(cost)
FROM expenses
GROUPBY country

Italy



China Italy

SELECT sum(cost)
FROM expenses
GROUPBY country
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SELECT sum(cost)
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Given

Outlier and normal results

Understand Why

USA China Italy

SELECT sum(cost)
FROM expenses
GROUPBY country



Given

Outlier and normal results

What input properties

caused the outliers?
most caused the outliers?

caused outliers but didn’t
affect normal outputs?

USA China Italy

SELECT sum(cost)
FROM expenses
GROUPBY country
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SELECT SUM(cost)
FROM sam'’s bank account
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Given

Outlier and normal results

Understand Why

USA

China



Given

Outlier and normal results

Find

Predicates correlated with
outliers
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Given

Outlier and normal results

Find

Predicates correlated with
outliers

S.t.

Removing predicate from
inputs “fixes” outliers &
maintains normal results
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USA China Italy

Desc = “toilets”




Given

Outlier and normal results

Find

Predicates correlated with
outliers

S.t.

Removing predicate from
inputs “fixes” outliers &
maintains normal results
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Given

Outlier and normal results

Find

Predicates correlated with
outliers

S.t.

Removing predicate from
inputs “fixes” outliers &
mMaintains normal results
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Formalize “influence” as metric
Predicate search heuristics

Some results
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Formalize “influence” as metric
Predicate search heuristics

Some results
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ELECT sum(Y) GROUPBY X
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influence metric

that Is
accessible to end-users
for

Data cleaning

Data exploration
Provenance reduction
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